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An Associative Classification Algorithm by Distilling Effective Rules

WU Jianhua'?, SHEN Junyi', FANG Jiapei®

(1. School of Electronics and Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China; 2. Department of

Computer Science, Zhuhai Collage, Jinan University, Zhuhai, Guangdong 519070, China)

Abstract: Associative classification algorithms commonly have low efficiency and accuracy. A

new associative classification algorithm by distilling effective rules, called ACDER, is presented.

Both the remaining support and remaining confidence are defined. Then association classifier is

constructed and pruned by distilling the most effective rules to ensure that there exists no any re-

dundant and conflictive rules in the classifier. Experiment results on eight data sets show that the

average accuracy of the classifier is 4. 15% higher while the average number of rules in classifier is
54% lower than the CBA classification method.
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2:Strong_Rules=genRules(D,mind,, ,mind ) ;

: CARs=Class_Strong_Rules();

4: Rules_Set=Sort_ CARs(); /BB . TIHFE.
ST HE

5: for Rules_Set <> do

6: r=first_rule;

7
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:  k=Delete_Cover_Simplesnumber();
: if (k<>0) then
9: c=U{r};
. endif
: delete r from Rules_Set;
for each rERules_Set do
dsup=dre,sup() 5
if (dy,, ==0) then
dooni=0;
else
Aegnt = oy O3
end if
ifd,<mind_ then
delete r from Ruels_Set;
: end if
22: end for
23: Sort_Rules_Set(); // 1% B 15 & 1 KB MHEF
24: end for
25: cut();
26: output: C
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monks-1 7 0 124 2
monks-2 7 0 169 2
monks-3 7 0 122 2

car 7 0 1728 4

bupa 1 6 345 2
pima-indians-diabetes 1 8 768 2
new-throid 1 5 215 3
tetris 5 7 1000 3
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